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Problem

After brief plateau, telephone survey response rates

have fallen again
Response rate by year (%)
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Note: Response rate is AAPOR RR3. Only landlines sampled 1997-2006. Rates are typical for

surveys conducted in each year.
Source: Pew Research Center telephone surveys conducted 1997-2018.
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https://www.pewresearch.org/fact-tank/2019/02/27/response-rates-in-telephone-surveys-have-resumed-their-decline/

Can we study physical activity using passive data?

LETTER

d0i:10.1038/nature23018

Large-scale physical activity data reveal worldwide

activity inequality

Tim Althoff!, Rok Sosic, Jennifer L. Hicks?, Abby C.

To be able to curb the global pandemic of physical inactivity' 7
the associated 5.3 million deaths per yeal2 we need to understand
the basic principles that govern physical activity. However, there

King®, Scort L. Delp™ & Jure Leskovec'

Physical activity impraves musculoskeletal health and function, pre-
vents cognitive decline, reduces symptoms nidepm“un and anxiety,
ami helps Jmirﬂduxl:,

is a lack of | activity p.mm
across free-living p(lpuhhnnﬁ warldwide', Here we leverage th
wide ith built-in try to measure

physical activity at the global scale. We study 2 dataset consisting
of 68 million days of physical activity for 717,527 people, giving us
awindow into activity in 111 countries across the globe. We find
inequality in how activity is distributed within countries and that
this mequ:llly s a better pmdumr of obesity px:vllen:t in the

ah:ml how zdlvlty levels vary
between physical activity disp:
levels), and modifiable factors such as the built environment. For
example, while much is known about how both intrinsic factors (such
s gender, age, and weight) and extrinsic factors (for example, public
tnm‘p(h i lated to a:lnnly levels, evid

than a in females

teract (such as environmental factars

contributes to a large portion of the observed activity i
Aspects of the built envi such as the of

on older or ) is mare limited®, Understanding these
i is important for developing public pu].qﬂ ““ planning

a city, are assaciated with a smaller gender gap in activity and
lower activity inequality. In more walkable cities, activity is greater
throughout the day and throughout the week, across age, gender,
and body mass index (BMI) groups, with the greatest increases in

cities'!, and designing behaviour-change interventions' ™

The malmlly of physical activity studies are based on information
that is either self-reported, with attendant biases', or is measured via
wearable sensors, but limited in the number of subjects, observation

activity faund for females. Our
public health palicy and urban planning and highlight the rn!z le of

y an
activity and health,

— lapan uic USA  — Saudi Arabla

period, and hic range'”. Mabile pt cfual tool with
wh!:htn)lmly]aq;t scale population dynamics and health on a global
cale' 1%, revealing the basic patterns of human movement”, mood

rl:ylhrm"‘ the dynamics of the spread of diseases such as makaria'®,

Figure 1 | Smartphone data from over 68 million
days of activity by 717,527 individuals reveal
variability in physical activity across the world.
a, World map showing varlasion In activity (mean

A dally st
verage delly sleos daily steps) between countries measured through

| Do smartphone data from 111 countries with at
5500 least 100 users. Cool colours correspond to high
5000 activity (for example, Japan in blue] and warm
4500 coloursindicate low levels of activity (for example,
4,000 Saudi Arsbia in orange). b, Typical activity levels
5,500 (distribution mode) differ between countries,
R “urves show distribution of steps across the

‘population in four representative countries 35 a
normalized probebility density (high to low activity:
Japzn, UK, USA, Saudi Arabia). Vertical dashed
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lines indicate the mode of activity for Japan (blue)
and Seudi Arabis (renge). ¢, The variance of
activity around the population mode differs berween
countries. Curves show distribution of steps across
the population relative to the population mode. In
Japan, the activity of 76% of the population falls
within 50% of the mode (that s, between the light
grey dashed lines), whereas in Saudi Arzbia this
fraction is only 62%. The UK and USA lie between
these two exiremes for average activity level and
variance. This map s based on CIA World Data
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Total (Survey) Error & Althoff et al.
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Can we study job search and work behavior of

marginalized job seekers?

Estimated total job openings
-89.4-294 4
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time to employment
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AL U residential deficits
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“Designed Big Data”

Sensor
data

Device error

Participants

Respondents
Population [lig Consent
or a

Sampling Non-
frame Respondents

6
(Struminskaya et al. 2020)



“Designed Big Data” ...
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UNDERSTANDING WILLINGNESS TO SHARE
SMARTPHONE-SENSOR DATA

BELLA STRUMINSKAYA*
VERA TOEPOEL

PETER LUGTIG
MARIEKE HAAN
ANNEMIEKE LUITEN
BARRY SCHOUTEN

Abstract The growing smartphone penetration and the integration of
smartphones into people’s everyday practices offer researchers opportu-
nities to aug) survey with tphone-sensor

ment or to replace self-reports. Potential benefits include lower
measurement emor, a widening of research questions, collection of
in sirue data, and a lowered respondent burden. However, privacy consid-
erations and other concerns may lead to nonparticipation. To date, little
is known about the mechanisms of willingness to share sensor data by
the general population, and no evidence is available conceming the sta-
bility of willingness. The present study focuses on survey respondents’

willingness to share data collected using hone (GPS, cam-
era, and wearables) in a pmbablhrv-b:bcd onlmc panel of the general
populati of the Netherlands. A ized experiment varied study

fr: g of the the hasis on control over the data

g

collemon pmctss. and assurance of privacy and confidentiality.
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SHARING DATA COLLECTED WITH SMARTPHONE
SENSORS

WILLINGNESS, PARTICIPATION, AND
NONPARTICIPATION BIAS

BELLA STRUMINSKAY A*
PETER LUGTIG

VERA TOEPOEL

BARRY SCHOUTEN
DEIRDRE GIESEN

RALPH DOLMANS

Abstract Smartphone sensors allow measurement of phenomena that
are difficult or impossible to capture via self-report (e.g.. geographical
movement, physical activity). Sensors can reduce respondent burden
by eliminating survey questions and improve measurement accuracy
by replacing/agmenting self-reports. However, if respondents who are
not willing to collect sensor data differ on critical attributes from those
who are, the results can be biased. Research on the mechanisms of
willingness to collect sensor data mostly comes from (nonprobability)
online panels and is hypothetical (ie. asks parficipants about the
likehhood of participation in a sensor-based study). In a cross-sectional
general population randomized experiment we investigate how
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WILLINGNESS TO PARTICIPATE IN PASSIVE MOBILE
DATA COLLECTION

FLORIAMN KEUSCH®
BELLA STRUMINSKAYA
CHRISTOPHER ANTOUN
MICK P. COUPER
FRAUKE KREUTER

Abstract  The rising penetration of smariphones now gives research-
ers the chance o collect data from smanphone users through passive
maohile data collection via apps. Examples of passively collected data
include geolocation, physical movements, online behavior and browser
history, and app usage. However, 1o passively collect data from smar-
phones, panticipants need to agree 1o download a research app to their
smartphone. This leads o concems aboul nonconsent and nonpanici-
pation. In the current study, we assess the circumsiances under which
smarnphone users are willing o participate in passive mobile daa col-
lection. We surveyed 1,947 members of a German nonprobability online
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Struminskaya et al. 2021 Struminskaya et al. 2020 Keusch et al. 2019
* WTS & actual sharing * Willingness to share (WTS) * Willingness to share (WTS)

e Cross-section* (NL) e Prob. LISS Panel (NL) * Nonprob. panel (DE)
COOP2=54% 2 waves, RR1 = 89%, 84% 2 waves

* GPS, photos, video; noapp ¢ Share GPS, photos, video * Download tracking app
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| m p|ementati0n (Struminskaya et al. 2021)
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In aanvulling op de vragen die we u
stellen, zouden we ook graag data
verzamelen over de locatie waar u
deze vragenlijst aan het invullen bent
door gebruik te maken van sensors in
uw smartphone of tablet. We zullen u
altijd eerst om toestemming vragen en
u kunt er altijd voor kiezen geen
toestemming te geven om uw locatie
te delen.

Geeft u toestemming om uw locatie te
delen?
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Struminskaya et al. 2021
WTS & actual sharing

Cross-section™ (NL)

GPS, photos, video; no app

Requests with rand. assig.:
Autonomy over data
collection

Benefit framing
Confidentiality assurance

Fixed order of
measurements

Privacy concern, tech skills,
prev. exp., survey exp.

Struminskaya et al. 2020
Willingness to share (WTS)

Prob. LISS Panel (NL)
2 waves

Share GPS, photos, video

Vignettes w rand. assig.:
Sponsor

Autonomy over data
collection

Benefit framing
Confidentiality assurance

Randomized order of tasks

Privacy concern, tech skills,
prev. exp., survey exp.

Keusch et al. 2019
Willingness to share (WTS)

Nonprob. panel (DE)
2 waves

Download tracking app

Vignettes w rand. assig.:
Sponsor

Autonomy over data
collection

Duration

Topic

Incentive

Questions in-app

Randomized order of
vignettes

Privacy concern, tech skills,
prev. exp., survey exp.
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Willingness and actual sharing (Dutch cross-section)

Willingness to share sensor data

66.5

0 25 50 75 100

Percent
B GPs B video
B Photo house T Photo receipt
I Photo self

Participation rate GPS: 45.6%; n=1883 Dutch smartphone and tablet users

Actual sharing of sensor data conditional on willingness

100.0
100.0
100.0
100.0
0 25 50 75 100
Percent

B cPs B Vvideo

BN Photo house T Photo receipt

I Photo self
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Hypothetical willingness & Order effects

Order: GPS, Video, Photo house, Photo self

Overall, randomized order

~

Share GPS location

10 20 30 40 50 60

\ def yes prob yes prob no def no

Share photo house

=
c
o_-...

10 20 30 40 50 60

T T T T
def. yes prob. yes prob. no def. no

10 20 30 40 50 60

10 20 30 40 50 60

Hypothetical wiIIing;\na§s to share sensor data

Share video

T
def. yes

T T
prob. yes prob. no

T
def. no

~

Share GPS location

o_l-.

10 20 30 40 50 60
rcent

Share photo self
def. yes prob. yes prob. no def. no

Order effect: Average marginal effect +5.6 p.p

(Struminskaya et al. 2020)

\ def yes prob yes prob no def no

Share photo house

=
o
o---..

10 20 30 40 50 60

T T T T
def.yes  prob.yes  prob. no def. no

% Willing to share GPS:

e |If asked first: 41%
* If asked last: 26%

10 20 30 40 50 60

O-_-.

Hypothetical wiIIingr%‘s to share sensor data

Share video

T
def. yes

10 20 30 40 50 60

o 4

T T T
prob. yes  prob. no def. no

Share photo self

T
def. yes

T T T
prob. yes prob. no def. no
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Willingness mechanisms

WTS Share Share Share  Share  Share
Predictors GPS GPS video photo photo photo
house receipt self

Benefit n.s. n.s. n.s. n.s. n.s. n.s.
framing
Autonomy A1%%* .06  n.s. n.s. .04* n.s.
over data
collection
Privacy n.s. n.s. n.s. n.s. n.s. n.s.

n=1,853; Average marginal effects; covariates not shown

(Struminskaya et al. 2021) 15



Willingness mechanisms

Predictors Sharing
Order (asked first) 0.02 **
Sponsor University 0.09%** ]
Sponsor Market Research n.s.
Benefit framing —0.02* ]

WTS Share Share Share  Share  Share

Predictors GPS GPS video photo photo photo
house receipt self

Benefit n.s. n.s. n.s. n.s. n.s. n.s.
framing
Autonomy A1***  -06*  n.s. n.s. .04* n.s.
over data
collection
Privacy n.s. n.s. n.s. n.s. n.s. n.s.

n=1,853; Average marginal effects; covariates not shown

Autonomy over data collect. n.s.

Privacy n.s.

n=2,669; Average marginal effects;
covariates not shown

In all 3 studies: sig. effects of smartphone use behaviors, mixed findings about the effect
of privacy concerns, attitudes toward surveys, prior app download

(Struminskaya et al. 2020; 2021)



Concern by Type of Collected Data

App smartphone use
GPS

Text message survey
Wearables
Accelerometer
Survey app

Online survey

Camera

o

LISS Panel

M
(&)
o))
o
|
o

100

B z Iot concerned | somewhat concerned a little concerned B not at all concerned
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(Struminskaya & Keusch / ODISSEI study; see also Keusch, Struminskaya et al. 2020)



Summary (so far)

* Decisions about sharing are situation-
specific, nuanced

* Hypothetical behavior differs from actual
participation behavior

e The nature of the task more relevant than
sensor

e Clear communication of who asks to share &
for what purpose

e Balance between maximizing sharing and
providing detailed information about the
data (“backfire effects”)

* Ceiling effects possible due to loyalty, trust in
sponsor

PRIVACY
IN CONTEXT

HELEN NISSENBAUM

il vodafone NL = 18:13 =

& oto.cbs.nl (&

Bilthover -

e —

——

—— _-@-

Groenekan

“Is this your current
location? Yes/No”
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How much does nonparticipation matter?



Nonresponse vs. honparticipation bias

* Survey & sensor data linked to Dutch registries:
general population register, education register, households
register, register of motorized vehicles, dwelling register,
employment register, tax register

Non — RES:UQ”SE Bias (J-}AD:LHNJ — YADMIN, respondents — VADMIN, grosssample

Non — FHTHCIP{IHQH Bias (yADMIN) — VADMIN, consenters — VMADMIN, respondents



Sample Non- Nonparticipation bias (%)
Administrative data variables value  response GPS Video Photo Photo Photo
(%) bias (%) shared  surround. house receipt  self
Age (25-34) 21.9 -1.7%
Gender (man) 42.5 0.9
Education (high) 37.1 3.4%%*
Ethnic background (non-Dutch) 16.3 -1.8%%
Marital status (married) 45.8 2.7%%
No. hh. members (2 people) 35.8 2.9%**
Owns a car 46.5 2.5%%
Has a driver’s license 82.9 2. 8%
Homeowner 74.4 2.3%%
Urban (>=1500 addresses/km?) 51.5 -0.9
Size of township (>50,000) 54.2 -1.0
In paid work 60.5 -0.4
Income percentile (75"-100) 40.0 4, 2%%*
Average abs. bias 2.1

21



Sample Non- Nonparticipation bias (%)

Administrative data variables value  response GPS Video Photo Photo Photo

(%) bias (%) shared  surround. house receipt  self
Age (25-34) 21.9 -1.7% -1.3 2.8%% -2.4 -0.5 -2.0*
Gender (man) 42.5 0.9 1.1 1.4 B 3*** -3.9%%% 3 g%*
Education (high) 37.1 3.4%%x D) 0.9 6.8%*%* )4 7 5%
Ethnic background (non-Dutch) 16.3 -1.8%% -1.6* 0.8 3.0%* 2.4*% -2.6%**
Marital status (married) 45.8 2.7%% 0.5 -2.7*% 3.5%* 1.4 0.6
No. hh. members (2 people) 35.8 2.9%** -0.8 -0.7 3.5%* -0.3 1.5
Owns a car 46.5 2.5%% -1.4 1.0 2.5% -0.9 0.7
Has a driver’s license 82.9 2. 8% -0.3 0.6 1.5* -1.2 1.6*
Homeowner 74.4 2.3%* 0.1 -2.0* -4.6%** -2.3* -1.2
Urban (>=1500 addresses/km?) 51.5 -0.9 0.1 5.g##* 7.TH** 7.0%%% 07
Size of township (>50,000) 54.2 -1.0 -0.6 5.2%** p.3*** 3.8%% 0.7
In paid work 60.5 0.4 0.5 0.8 -2.5* -1.3 -2.0
Income percentile (75"-100) 40.0 4, 2%%* 0.2 1.8 1.3 -1.9 0.6
Average abs. bias 2.1 0.8 2.0 4.0 2.2 2.0

22
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* Small biases, but depends on research question

Sample Non- Nonparticipation bias (%)

Administrative data variables value  response GPS Video Photo Photo Photo

(%) bias (%) shared  surround. house receipt  self
Age (25-34) 21.9 -1.7% -1.3 2.8%% -2.4 -0.5 -2.0*
Gender (man) 42.5 0.9 1.1 1.4 B 3*** -3.9%%% | 3.8%*
Education (high) 37.1 3.4%%x D) 0.9 6.8%*%* )4 -7 5H*x
Ethnic background (non-Dutch) 16.3 -1.8%% -1.6* 0.8 3.0%* 2.4*% -2.6%**
Marital status (married) 45.8 2.7%% 0.5 -2.7*% 3.5%% 1.4 0.6
No. hh. members (2 people) 35.8 2.9%** -0.8 -0.7 3.5%* -0.3 1.5
Owns a car 46.5 2.5%% -1.4 1.0 2.5% -0.9 0.7
Has a driver’s license 82.9 2. 8% -0.3 0.6 1.5* -1.2 1.6*
Homeowner 74.4 2.3%% 0.1 -2.0* -4.6%** -2.3% -1.2
Urban (>=1500 addresses/km?) 51.5 -0.9 0.1 5. QH#* 7.7*** 7.0%%% 07
Size of township (>50,000) 54.2 -1.0 -0.6 5.2%** 6.3 ** 3.8%% 0.7
In paid work 60.5 0.4 0.5 0.8 -2.5* -1.3 2.0
Income percentile (75"-100) 40.0 4, 2%%* 0.2 1.8 1.3 -1.9 0.6
Average abs. bias 2.1 0.8 2.0 4.0 2.2 2.0

Mobility ~ 1ypeof  Living

community conditions
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Does this hold for digital traces?



Selectivity in donation of social media data

* Project AWeSome (Adolescents,

We”_being’ and SOCiaI Media) by Ef;M 6x per day - 3 weeks EsZM 6x per day - 3 weeks
University of Amsterdam s O S B S 5
* Topics: social media use, well- Y
being, social relationships, self- Ethic :
. Donation
regU|at|0n @ Instagram Archives
* Teenagers 13-15 yo in NL, recruited
f2f at SChOOI’ pa re ntal Conse nt AWeSowme HOME VOOR DEELNEMERS SCHOLEN NIEUWS TEAM AWESOME CONTACT FOR RESEARCHERS

Adolescents,
'

provided (N = 388) e
e 80% have Instagram account(s)
* 32% donated Instagram data (raw)

Publications

FOR RESEARCHERS


https://www.project-awesome.nl/

Privacy (again) and loyalty (again) are key

Sociability Psychological chars Social media, SP use Study design
* Social comparison » Affective well-being * # accounts e # completed ESM1
* #good friends * Cognitive well-being * Sphone self-monitor. [- # completed ESMZ***]
* Friendship quality * Positive affect * Sphone type (iPhone) (AME=.004)
* Parental phone rules * Negative affect » # followers * # completed surveys
* Parental knowledge * Self-esteem™ * Importance followers
: (AME=-.08)
* Adolescent dis-

* # likes on post

* % % ° i

c'la?l\;uEr_efé)SecreCV Loneliness e Eval. of reactions

( =.  Self-regulation*** e Eval # of i
(AME1.23) val. # of reactions

* Importance positive
reactions

Logistic regressions donated (1) vs. did not donate (0), models include sex, grade, education, N varies 146-316. 26



Giving agency to participants



Privacy-preserving Data Donation Workflow

Data download packages (DDPs) Local signal Informed Data

processing consent analysis
VY g o\
Q9 [ 1/

Digital trace data Respondent device Variables of interest Researcher

Boeschoten et al. 2020



https://arxiv.org/pdf/2011.09851.pdf

PBI Platform Digitale Infrastructuur
SSH Social Sciences & Humanities
!

Digital Data Donation Infrastructure (D3l)

Step 1
* 6 Dutch universities,
* Funding about 1 Mil. € s‘iz g
* Data donation with local extraction (PORT) g
e Agency (changing data) | - &
Step 3 g
* For: Google*, Meta*, Twitter, Netflix, Spotify :
* Methodological questions: 8
* Understanding of consent =
Representativeness
UX )
Measurement quality 0 €
Validity & Reliability g E

. <
Boeschoten et al. 2022



https://doi.org/10.48550/arXiv.2110.05154

it Dl st
SSH
Google Location History Data Donation

Duration of several activities for one participant

100 Activity
“ BOATING
— CYCLING
75 " “ FLYING
. " — IN_BUS
= IN_FERRY
1
% - || — IN_PASSENGER_VEHICLE
’Di \ IN_SUBWAY
\ V — IN_TRAIN
IN_TRAM
25
l | [U j — MOTORCYCLING
T R, - M1 i {
AR %fh‘r 'h W' A | RUNNING
\/ 1yl RE V A .8
Y i — WALKING
o SNV kot Bel] i I S 2 e
= = = & & &
] ] o o o ]
(88 o o o o o
- - - - - -
=, =, = = = =,
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PBH Platform Digitale Infrastructuur
88{_7 Social Sciences & Humanities
!

Google Location History Data Donation :cenTerpATA

rch institute

o Controleren

e Study in CentERpanel August 2022
 N=1035 (75% AAPOR RR1) Controleren

* Integration of data donation (PORT) o et S e g g o b e
Alvast hartelijk bedanki!
* Willing = 30%, 144 donated (14%)
 Methodological questions: Cycling
 Visualization prior to request Do) et
* Understanding of consent request oo s
* Incentive amount (5€ vs. 10€)

Wilt u de gegevens hierboven doneren aan Centerdata?



Understanding the consent request

Statements asked to respondents

Correct %

correct %

Don’t know %

You are asked to download information from Google. TRUE

48.8

19.8

31.4

to you. FALSE

You will be able to inspect the data before sending it to
Centerdata. TRUE

you provide. TRUE

It is impossible to identify you as an individual from the data that

The software implemented in the survey will extract the 62.3 6.1 31.2
information on the number of hours you cycle, walk, take public

transport, travel by car. TRUE

Information on all the locations you visited will be shared with 39.2

Centerdata. FALSE

Google collects information on location about everyone. FALSE 24.8

From the data you will provide, the information can be traced back | 45.3
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Incentive & visualization

* No difference in incentives
e 5€: willing to donate 32% (n=147)
e 10€: willing to donate 34% (n=159)
* Chi2(1) = 0.32, p=.574
e Donated: 48% vs. 46% (Chi2(1) = 0.17, p=.676)

* No difference by showing how data
looks like
 Visualized: willing to donate 34% (n=159)
* Not visualized: willing to donate 32% (n=147)
* Chi2(1) = 0.56, p=.456
* Donated: 46% vs. 48% (Chi2(1) = 0.17, p=.676)

De reisbewegingen kunt u in deze vragenlijst delen met Centerdata. Het is goed om te weten dat

locaties die u hebt bezocht niet uit het pakketje worden gehaald en dus ook niet met Centerdata

worden gedeeld. Er wordt alleen informatie gedeeld hoe u zich heeft verplaatst en hoeveel tijd u
hieraan hebt besteed per maand en jaar.

[if condition = 1 Een voorbeeld van hoe deze informatie eruitziet ziet u hieronder:

Cycling
Duration [hours) Distance (km)
Year Month
202 114 6.32
In Bus
Duration (hours) Distance (km)
Year Month
20248 8 197 2823

In Passenger Vehicle

Duration (hours) Distance (km)

Year Month

20 ] 23in 37584
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Understanding the consent request

* 5.5% had everything correct
* Mean correct: 3.23, median=4

* People with more correct answers more likely to be willing & to
donate:
* 4.54 correct statements for willing
2.56 correct statements for non-willing

OR=1.572, p<.001

5.33 correct statements for donated
3.94 correct statements for not donated
OR =1.795, p <.001



Who is more willing to donate?

Characteristic Odds Ratio SE p-value
gender (male) 1.759 .293 .001
age 992 .006 .208
middle education 1.794 412 011
high education 1.786 402 .010
urban 1.076 .063 212
privacy concern .966 .056 .554
trust Google 1.221 119 .041
can download .825 129 217
smartphone skill .967 .097 737
no. smartphone activities 1.128 .034 .000
constant .078 .064 .002

Logistic regression, n=867, Pseudo-R2=.068



Who is more likely to donate?

Characteristic Odds Ratio SE p-value
gender (male) 1.825 .512 .032
age 971 011 .007
middle education 1.615 .660 .240
high education 1.509 .592 294
urban 1.075 .107 465
privacy concern 969 .090 .730
trust Google .890 143 469
can download 724 .205 255
smartphone skill 1.051 172 .760
no. smartphone activities 998 .050 978
constant 4.125 5.928 324

Logistic regression, n=280, Pseudo-R2=.057



Respondents’ agency in app-based surveys

.1/ Vodafone NL Wi-Fi & 00:25

Uitgaven @

cadeauwl

-

1x
0.80

0.40

1x
1.15

1x
1.49

1x
1.99

1x
4.99

Plus
Supermarkt 10.82

Banaan
bananen

Tas
tassen niet van leer ...

Melk
melk (mager, halfvol of vol)

Citroen

citrusfruit (mandarijnen, citroene...

Druiven
vers fruit (niet apart genoemd)

Kaas
kaas

0.80

0.40

1.49

1.99

4.99

B Verwijderen |_|:| Dupliceren

-

B

Kalender

Plus @B 10.82

Supermarkt

Uitgaven Inzichten

v

0

Instellingen

.1/ Vodafone NL Wi-Fi & 00:23

Inzichten @

‘= Per categorie il Over tijd

Hoofdcategorieén

@ Voedingsmiddelenen ... 49% I
[ Diverse goederen en diensten 19%
B Recreatie en cultuur 9%
@ Communicatie 7%

€9.95
€12.77 w‘

€14.14

€17.94 4

€38.79

Totaal:
€202.44

€99.85

E a i Q

Kalender Uitgaven Inzichten Instellingen
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Survey (HBS)

fall 2021,

NL, ES, LU

N=3916,
Completion = 16%
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Summary & Outlook

Mechanisms of willingness for donation/sensor data: still much unknown

People might have a stable pre-conception (no effect of incentives,
visualization) vs. situational decision made based on heuristics (moderate
stability of willingness)

No clear understanding of burden / role of technical skills (about half of the
participants willing to donate does not make a donation)

Understanding of consent request is not high = qualitative interviews
Quality, validity of donations = passive vs. self-report

Does level of aggregation make a difference? = privacy paradox



Thank youl!

Contact:

b.struminskaya@uu.nl

https://bellastrum.com
@bellastrum
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